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Figure 3 A main dialog developed on MATLAB system to user-friendly design 3D CNNs.
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Figure 4  Our original 3D CNN model named sssNet_2A designed using application shown in Fig.3.
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Figure 5 A part of main dialog developed on
MATLAB system to extract 3D volumes from
videos.
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Figure 6
during mini-batch learning of sssNet_2A.

Accuracy and loss versus iterations
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Table 1 Confusion matrix classified by sss-
Net_2A.
Predicted 7 Cl9 (26
True
c7 25 0 0
C19 0 43 0
C26 2 0 21
Table 2 Confusion matrix classified by sss-
Net_3A.
Predicted C7Cl9 (26
True
c7 25 0 0
C19 0 43 0
C26 2 0 21
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Table 3  Confusion matrix classified by sss-
Net_2B.
Predicted c7T C19  C26
True
c7 7 0 0
C19 0 12 0
C26 1 0 6
Table 4  Confusion matrix classified by sss-
Net_3B.
Predicted C7T C19 C26
True
c7 7 0 0
C19 0 12 0
C26 1 0 6
Table 5  Confusion matrix classified by sss-
Net_4B.
Predicted C7T C19  C26
True
c7 7 0 0
C19 0 12 0
C26 0 0 7
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