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Figure 1 A part of main dialog developed on

MATLAB system to user-friendly design CNN,
SVM and CAE.
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Defective images |—

300

Training dataset A

Figure 2 Examples of images of products in-
cluded in dataset A.

background

Training dataset B

Figure 3  Examples of augmented images in-
cluded in dataset B.
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Training dataset C

Figure 4 Examples of augmented images in-
cluded in dataset C.
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Table 1  Confusion matrix classified by IncA
(row: predicted labels, column: true labels).

Normal Anomaly
Normal 64 15
Anomaly 0 5
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Table 2 Confusion matrix classified by IncB
(row: predicted labels, column: true labels).

Normal Anomaly
Normal 64 4

Anomaly 0 16
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Table 3 Confusion matrix classified by IncC
(row: predicted labels, column: true labels).

Normal Anomaly
Normal 64 1

Anomaly 0 19
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Figure 5 Examples of visualization results of
defect areas obtained by applying Grad-CAM to
IncA.
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Figure 6 Examples of visualization result of
defect areas obtained by applying Grad-CAM to
IncB.
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Figure 7 Example of visualization result of de-
fect areas obtained by applying Grad-CAM to
IncC.
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Figure 8  Visualization results of defect areas
obtained by applying Grad-CAM to IncC.
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